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AI can be described as a set of math functions 

(model) that given some inputs (data), learn 

something and use that to infer something else 

(make predictions). In other words AI is data, 

model and predictions. Ethical exploration of this 

realm covers issues like bias in a models’ 

predictions and fairness (or lack thereof) of the 

outcomes; as well as approaches to address them 

via accountability and transparency.
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5 sources of bias:  Historical bias already 

exists in the data while representation bias

and measurement bias are a result of how 

the dataset is created.  Evaluation and 

aggregation biases are a result of the 

choices made while building the model.
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“Unfortunately, we have biases that live in 

our data, and if we don’t acknowledge that 

and if we don’t take specific actions to 

address it then we’re just going to continue 

to perpetuate them or even make them 

worse.”

— Kathy Baxter, Ethical AI Practice Architect, 

Salesforce
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“There’s a real danger of systematizing the 

discrimination we have in society [through 

AI technologies]. What I think we need to do 

— as we’re moving into this world full of 

invisible algorithms everywhere — is that 

we have to be very explicit, or have a 

disclaimer, about what our error rates are 

like.”

— Timnit Gebru, Research Scientist, Google AI
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“There is a silver lining on the bias issue. 

For example, say you have an algorithm 

trying to predict who should get a promotion. 

And say there was a supermarket chain that, 

statistically speaking, didn’t promote women 

as often as men. It might be easier to fix an 

algorithm than fix the minds of 10,000 store 

managers.”

— Richard Socher, Chief Scientist, Salesforce
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“We’re seeing a kind of a Wild West situation with 

AI and regulation right now. The scale at which 

businesses are adopting AI technologies isn’t 

matched by clear guidelines to regulate algorithms 

and help researchers avoid the pitfalls of bias in 

datasets. We need to advocate for a better system 

of checks and balances to test AI for bias and 

fairness, and to help businesses determine 

whether certain use cases are even appropriate 

for this technology at the moment.” 

— Timnit Gebru, Research Scientist, Google AI 
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AI & LAW
BAIL, SENTENCING & PAROLE
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AI & LAW

Q:  COMPAS violate due process b/c proprietary 

nature hinders challenging scientific validity or 

because it takes gender into account?

A:   No.  

Warning required

Judge must independently determine

State of Wisconsin v. Loomis, 881 N.W.2d 749 (2016) 
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COMPAS & BIAS

ProPublica claimed COMPAS program was 

biased using “false positives” analysis

Black defendants who did not recidivate 

within 2 years were nearly twice as likely to 

be misclassified as higher risk compared to 

white defendants (45% v. 23%)
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COMPAS & BIAS

COMPAS claimed program was not biased 

because it satisfied “predictive parity” 

COMPAS scores accuracy rate was the 

same for black and white defendants 

(about 60%)
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COMPAS & BIAS

Existence of bias depended upon 

statistical measuring stick used:

false positives vs. predictive parity 
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EU’S ETHICAL AI GUIDELINES
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EU’S ETHICAL AI GUIDELINES
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EU’S ETHICAL AI GUIDELINES

“Trustworthy AI has three components: 

(1) it should be lawful, ensuring compliance 

with all applicable laws and regulations, 

(2) it should be ethical, ensuring adherence to 

ethical principles and values and 

(3) it should be robust, both from a technical 

and social perspective since to ensure that, 

even with good intentions, AI systems do not 

cause any unintentional harm.” 
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EU’S ETHICAL AI GUIDELINES

❖ Unfair bias avoidance:  Did you establish a 

strategy or a set of procedures to avoid 

creating or reinforcing unfair bias in the AI 

system, both input data and algorithm 

design?

❖ Depending on the use case, did you 

ensure a mechanism that allows others to 

flag issues related to bias, discrimination 

or poor performance of the AI system?
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EU’S ETHICAL AI GUIDELINES

❖ Did you ensure an adequate working 

definition of “fairness” that you apply in 

designing AI systems?
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OECD’S AI PRINCIPLES
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OECD’S PRINCIPLES ON AI 



AI ORGANIZATIONS
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AI ORGANIZATIONS
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IEEE AI ETHICS



MICROSOFT’S AI PRINCIPLES



MICROSOFT’S AI PRINCIPLES





RECENT DEVELOPMENTS
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AI & LAW

“…this paper is a call for governments and 

civil society groups worldwide to make a 

substantive contribution to the AI 

governance discussion. Specifically… 

explainability standards, approaches to 

appraising fairness, safety considerations, 

requirements for human-AI collaboration, 

and general liability frameworks.”
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AI IN SPECIFIC INDUSTRIES

❖ AI subject to laws/regs of industry

▪ Healthcare

▪ Automobiles 

▪ Defense 

▪ Energy 

▪ Manufacturing
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DATA ISSUES

❖ “Biased” data 

▪ Too little, too skewed – over/under-sampling 

– proxy

▪ Human/user-generated – “real world” 

▪ Labeled – culturally calibrated and inclusive

▪ Confidence score

❖ What’s “fair”?  

▪ Group, individual, process, results – balance
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DATA ISSUES
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HOW DEFINE?

“Fairness”
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INDIVIDUAL FAIRNESS
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GROUP FAIRNESS

40



PROCEDURAL FAIRNESS
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COMPOSITIONAL FAIRNESS
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COUNTERFACTUAL FAIRNESS
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OUTCOME FAIRNESS

44



COMBINATIONS & TRADEOFFS

❖ Use multiple definitions?

❖ Tradeoffs?

45



FAIRNESS & ACCURACY

❖ Fairness affects accuracy

❖ Tradeoff Accuracy & Fairness 

❖ Fairness constraints backfire?

▪ Loans to those who cannot pay them 

back can negatively affect their credit 

score 
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EXPLAINABILITY

❖ If AI denies: 

▪ Loan

▪ Bail /parole 

▪ Promotion or job

❖ Explanation?
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EXPLAINABILITY
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EXPLAINABILITY
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EXPLAINABILITY
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EXPLAINABILITY

Testing/validation – e.g., drug trials 
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EXPLAINABILITY
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EXPLAINABILITY

❖ “If your income was $10,000/year 

more, then your loan would have 

been approved”

❖ Explanation consistent with fair 

process  
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RECOMMENDATIONS

❖ Treat data and algorithmic bias 
as defects that must be 
investigated and overseen 
throughout the product 
development lifecycle and 
monitored post-sale
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RECOMMENDATIONS
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